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This paper introduces the Korean Neologism Observatory (KNO), which has been developed
through the methodological triangulation (Baker & Egbert, 2016) of “corpus,” “large language
model (LLM),” and “lexicographic experts.” In line with recent attempts to introduce generative
Al into the collection and description of neologisms (e.g., Nam et al., 2025; Tomaszewska et al.,
2025; Widmann, 2025), this study discusses the innovation brought about by an LLM-based
triangulation methodology and the technical limitations of LLM-based dictionary compilation.

Although methodologies for investigating Korean neologisms have developed from manual to
semi-automatic extraction, they remain labour-intensive, as is the case for other languages such
as English, German, and Spanish. KNO is a human-in-the-loop system developed to enhance the
productivity of neologism investigation by adding an LLM-assisted neologism identification and
description stage to the existing semi-automatic extraction methodology. The main outputs are
made publicly available via GitHub (https://github.com/KorNEO/KNO).

FIGURE1 Structure of the KNO pipeline
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Through the KNO pipeline presented in Figure 1, the annual collection of Korean neologisms
conducted since 1994 has been subdivided into monthly neologism collections, and the scope of
neologism collection has also been expanded to encompass user discourse such as YouTube
comments. From the perspective of Stefanowitsch & Flach (2017), the News Article Corpus
represents linguistic input (corpus-as-input), while the YouTube Comment Corpus represents
both linguistic input and linguistic output (corpus-as-input/output) that provides data for the
observation of speakers’ direct creation and use of neologisms. Unlike previous neologism
research relying on newspaper corpora, encompassing user discourse has made it possible to
analyse the initial topic and genre of occurrence, diffusion paths and intensity, and the number
of speakers using a particular neologism. The LLM-assisted neologism identification and
description stage uses the Retrieval-Augmented Generation (RAG) technique, which utilizes
corpus examples and the existing Neologism DB as reference materials to minimize the
limitations of LLMs, including non-determinism, non-reproducibility, and hallucinations, while
complementarily identifying neologisms that humans may have omitted when reviewing
candidate lists. The usage patterns of collected neologisms are then monitored monthly, their
diffusion types classified according to durability and scope of use, and their candidacy for

dictionary inclusion evaluated using quantitative and qualitative criteria.




In the experimental process of collecting and describing approximately 740 morphological
neologisms (January 1 to December 31, 2025), additional technical limitations of LLM-based
lexicography were observed. LLMs showed not only low performance in resolving lexical
semantic ambiguity, especially in differentiating the meanings of homonyms and polysemous
words, but also limitations in capturing the socio-cultural meanings of neologisms reflecting
rapidly changing political discourse. When comparing the results of LLM-assisted neologism
identification (GPT-5.2, with RAG) against final judgments by human experts through a
confusion matrix, the precision rate was approximately 18% and the recall rate approximately
96%, indicating the effectiveness of LLM at capturing most actual neologisms from a large
candidate pool. Nevertheless, there were also cases where human experts identified items as
neologisms that the LLM had classified as non-neologisms (Example 1), while in other instances,
the LLM incorrectly classified free combinations or proper nouns as neologisms.

(1) FEZF twucconkhwu < FHIO| Z5 7| twupai ccontuk khwukhi ‘Dubai chocolate
cookie’; OFA} & yacha Iwul ‘yaksha rule’; A= X & yenphu caecil < H0f T2 12 A&

yenay phulokulaym caecil ‘dating show vibes’

Furthermore, in the LLM-assisted neologism description task, the RAG-based generation
contributed to refining the metalanguage of lexicographic definitions (e.g., “a figurative term
referring to X”). However, for neologisms whose word formation is inherently motivated by its

figurative sense, such as & A| THFCH B kyengcey tantwutaypep ‘economic guillotine bill’, the
LLM merely summarized evaluative statements found in corpus examples and failed to reflect

the metaphorical meaning of TH5CH tantwutay ‘guillotine’ in the definition.

Building on these findings, this study first examines the similarities and differences between
human language and LLM language; it then discusses the significance of human linguistic
intuition in determining neologicity (Lombard et al., 2021, 2024) and the need to reinterpret the
artistry and craftsmanship (Landau, 1984) of the lexicographer in the dictionary description of
low-frequency words within the context of LLM-assisted neologism lexicography. To ensure the
replicability and falsifiability (McEnery & Brezina, 2022) of neologism research, this study
proposes a system that automatically logs the configuration, input, output, and timestamp of
each pipeline module, thereby enabling the tracking of both the collection path of individual
neologisms and the path by which they have been missed.
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